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 This study conducts a bibliometric analysis to explore the research 

landscape of data-driven decision-making (DDDM) in Business 

Intelligence (BI). By examining 748 papers published between 2000 and 

2024, the study identifies key themes, influential authors, collaborative 

networks, and emerging trends. The findings highlight the evolution 

of research from foundational topics like big data and analytics to 

application-driven themes such as sustainability, policy, and 

operational efficiency. The United States emerges as the central hub in 

global research collaboration, with significant contributions from 

India, China, and European countries. Challenges, including data 

quality, integration, cultural resistance, and ethical concerns, are 

identified as barriers to BI adoption. The study emphasizes the need 

for future research on emerging technologies, industry-specific 

applications, and ethical frameworks to advance the field. These 

insights provide valuable guidance for researchers and practitioners 

aiming to optimize decision-making processes through BI. 
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1. INTRODUCTION 

 In the age of information, businesses 

are increasingly relying on data-driven 

decision-making to refine strategies, enhance 

operational efficiency, and drive innovation. 

Data-driven decision-making (DDDM) has 

become an indispensable part of Business 

Intelligence (BI), a field that combines 

business analytics, data mining, data 

visualization, data tools, and infrastructure to 

help organizations make more data-informed 

decisions [1]. The escalation of data 

availability and the advancement in analytical 

tools have empowered organizations to 

harness complex datasets for strategic 

advantage [2]. 

 BI systems and practices have 

evolved significantly, propelled by 

technological advancements that include big 

data technologies, cloud computing, and 

artificial intelligence. These tools offer 

businesses the capacity to process an immense 

volume of data to extract actionable insights, 

thereby optimizing their performance and 

competitive positioning [3]. As the landscape 

https://esj.eastasouth-institute.com/index.php/esiscs
https://creativecommons.org/licenses/by-sa/4.0/
mailto:losojudijantobumn@gmail.com


The Eastasouth Journal of Information System and Computer Science (ESISCS)         

Vol. 2, No. 02, December 2024, pp. 137-149 

138 

of BI broadens, the intersection of BI and 

DDDM becomes a critical area of study, 

examining how organizations transform raw 

data into valuable information for tactical and 

strategic decision-making [4]. 

 However, the integration of BI tools 

in decision-making processes is not without 

challenges. Organizations often grapple with 

data quality issues, cultural resistance to data-

driven cultures, and the complexity of 

managing data from diverse sources. 

Furthermore, the rapid pace of technological 

change means that BI tools and 

methodologies are continually evolving, 

necessitating ongoing research and 

adaptation by businesses [5]. The growing 

interest in how BI can be leveraged more 

effectively in the realm of DDDM calls for a 

detailed examination of the existing research 

and methodologies applied across various 

industries. 

 The literature on BI and DDDM is 

expansive and diverse, ranging from 

empirical research studies to theoretical 

frameworks that explore various aspects of 

the field, including the impact of BI on 

organizational performance, factors 

influencing BI adoption, and future trends in 

BI technologies [6]. A bibliometric analysis of 

the literature on DDDM within BI could 

provide a structured overview of the research 

domain, highlighting key authors, seminal 

works, research clusters, and emerging 

trends. Such an analysis would not only 

elucidate the current state of research but also 

identify gaps and opportunities for future 

investigation. 

 Despite the vast amount of literature 

on Business Intelligence and data-driven 

decision-making, there remains a lack of 

comprehensive synthesis that maps out the 

evolutionary trajectory of the field. 

Researchers and practitioners are often 

confronted with fragmented insights that do 

not offer a coherent picture of the 

advancements and thematic shifts in BI 

applications in decision-making processes. 

This gap hinders the development of a 

consolidated understanding of how DDDM in 

BI has been conceptualized, implemented, 

and evolved over time. There is a need for a 

systematic exploration that integrates these 

diverse perspectives and provides a holistic 

view of the intellectual landscape of DDDM in 

BI. 

 The objective of this study is to 

perform a bibliometric analysis of the 

literature on data-driven decision-making 

within the domain of Business Intelligence. 

This analysis aims to uncover the 

developmental patterns, key themes, and 

structural dynamics of the research landscape. 

By mapping the bibliometric connections and 

analyzing citation networks, the study seeks 

to identify the most influential studies, 

authors, and research clusters, as well as 

emerging trends that could shape future 

directions in BI research. This objective 

supports the broader goal of enhancing the 

understanding of how DDDM is utilized in BI 

to foster more informed, efficient, and 

strategic business operations. The study will 

contribute significantly to both academic 

knowledge and practical applications in BI by 

providing a detailed overview of the field’s 

evolution, highlighting influential research, 

and suggesting directions for future research 

and practice. This comprehensive analysis 

will aid scholars and practitioners in 

navigating the complex terrain of BI and 

DDDM, offering insights into successful 

strategies and common pitfalls in leveraging 

BI for enhanced decision-making capabilities. 

2. LITERATURE REVIEW 
2.1 Evolution of Business Intelligence 

Business Intelligence (BI) has 

undergone significant evolution from 

simple data reporting to advanced 

predictive analytics and decision-

making tools. Initially, BI focused 

primarily on descriptive analytics, 

which involves reporting historical 

data to explain what has happened in 

the business [7]. As technology 

advanced, the scope of BI expanded 

to incorporate predictive analytics, 

which uses statistical models and 

forecasts to predict future trends and 

behaviors [2]. This shift has 



The Eastasouth Journal of Information System and Computer Science (ESISCS)         

Vol. 2, No. 02, December 2024, pp. 137-149 

139 

transformed BI from a reactive tool 

into a proactive element that informs 

strategic planning and decision-

making. 

2.2 The Role of Data-Driven Decision 

Making 

Data-driven decision-making 

(DDDM) within the realm of BI 

leverages data to guide business 

strategies and improve business 

outcomes. [8] emphasizes that 

companies excelling in DDDM 

exhibit higher performance compared 

to their less data-driven peers. This 

approach integrates structured data 

from traditional databases with 

unstructured data from various 

sources, including social media and 

IoT devices, providing a more 

comprehensive view of business 

operations and customer preferences 

[9]. 

2.3 Challenges in Implementing BI and 

DDDM 

Despite the benefits, the 

implementation of BI and DDDM 

presents several challenges. Data 

quality and data integration pose 

significant barriers. Poor data quality 

can lead to inaccurate analyses and 

poor decision-making [10]. 

Additionally, integrating data from 

various sources requires robust data 

management strategies to ensure 

consistency and accessibility [11]. 

Organizational culture also plays a 

crucial role; resistance to change and 

lack of understanding of data's 

potential can hinder the adoption of 

data-driven practices [5]. 

2.4 Technological Advances in BI 

The integration of artificial 

intelligence (AI) and machine 

learning (ML) in BI tools has marked 

a new era in business analytics. AI 

and ML enable more sophisticated 

data analysis capabilities, such as 

predictive analytics and natural 

language processing, which enhance 

the decision-making process [12]. 

These technologies help businesses 

not only to predict future trends but 

also to automate decision processes, 

reducing the time and human effort 

required in traditional decision-

making processes. 

2.5 Impact of BI on Organizational 

Performance 

Research has consistently 

shown a positive correlation between 

the use of BI systems and 

organizational performance. A study 

by [7] found that organizations that 

effectively deploy BI tools achieve 

better operational efficiency, greater 

innovation, and increased 

profitability. The strategic use of BI 

enables firms to make informed 

decisions that align with their 

business objectives and market 

conditions. 

2.6 Adoption and Implementation 

Factors 

The successful adoption and 

implementation of BI are influenced 

by several factors, including 

technological, organizational, and 

environmental factors. Technological 

factors include the complexity and 

compatibility of BI systems with 

existing IT infrastructure, while 

organizational factors involve 

management support, user training, 

and the company's data culture [6]. 

Environmental factors, such as 

competitive pressure and regulatory 

requirements, also play a critical role 

in shaping BI strategies [13]. 

2.7 Bibliometric Analysis in BI Research 

Bibliometric analyses in BI 

research provide valuable insights 

into the development of the field. 

These studies help identify the most 

impactful works and authors, analyze 

trends over time, and determine the 

most frequent and significant themes 

within the literature. For instance, a 

bibliometric analysis by [14] 

highlighted the key methodologies 

and approaches used in BI research, 
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showing a growing focus on complex 

data analysis techniques and 

interdisciplinary research 

approaches. 

3. METHOD 

This study employs a bibliometric 

analysis approach to systematically review 

the academic literature on data-driven 

decision-making (DDDM) in the context of 

Business Intelligence (BI). Bibliometric 

methods were used to identify, classify, and 

analyze the key themes, influential authors, 

and significant trends within the field. Data 

for the analysis were retrieved from Scopus, 

focusing on peer-reviewed articles published 

between 2000 and 2024. Relevant keywords, 

including "data-driven decision-making," 

"business intelligence," "analytics," and 

"decision support systems," were used to 

ensure a comprehensive dataset. The 

bibliometric software VOSviewer was utilized 

to visualize citation networks, co-citation 

patterns, and thematic clusters.  

4. RESULT AND DISCUSSION 
4.1 Results 

a. Bibliometric Overview 

 

Table 1. Bibliometric Overview 

Metrics Data Information 

Publication years  2000-2024 

Citation years  24 

Papers 748 

Citations 8905 

Cites/year 234.34 

Cites/paper 11.91 

Cites/author 5127.99 

Papers/author 317.84 

Authors/paper 3.15 

h-index 40 

g-index 83 

hI,norm 25 

hI,annual 0.66 

hA, index 24 

Paper with ACC > = 1,2,5,10,20:319,222,103,55,27 

Source: Output Publish or Perish, 2024 

The bibliometric overview 

presented in Table 1 highlights key 

metrics summarizing the scholarly 

output and impact of research on 

data-driven decision-making 

(DDDM) in Business Intelligence (BI) 

from 2000 to 2024. Over 24 citation 

years, 748 papers have been 

published, garnering 8,905 citations, 

resulting in an average of 234.34 

citations per year and 11.91 citations 

per paper, reflecting the research's 

significant academic influence. The 

dataset involves 317.84 papers per 

author and 3.15 authors per paper, 

indicating collaborative authorship 

trends in the field. Impact metrics 

such as the h-index (40) and g-index 

(83) signify that the field has 

produced highly cited works, with 40 

papers cited at least 40 times and a 

broader set of works with increasing 

citation frequency. The normalized h-

index (hI,norm) of 25 and annual h-

index (hI,annual) of 0.66 further 

support the enduring influence of 

these studies. Additionally, the hA 

index (24) suggests a consistent level 

of high-quality contributions. Papers 

with citation counts exceeding 1, 2, 5, 

10, and 20 citations are 319, 222, 103, 

55, and 27, respectively, indicating a 

robust base of moderately to highly 

cited works. These metrics 
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collectively underscore the field’s 

growth, collaborative nature, and 

significant impact in advancing BI 

and DDDM research. 

b. Citation Analysis 

Table 2. Most Cited Article 

Citations Author and Year Title 

2188 [15] 
Machine Learning: Algorithms, Real-World Applications and 

Research Directions 

250 [16] 
Big data analytics capability and decision-making: The role of 

data-driven insight on circular economy performance 

234 [17] Advanced analytics: opportunities and challenges 

214 [18] Beyond data warehousing: What's next in business intelligence? 

205 [19] 

Data Science and Analytics: An Overview from Data-Driven 

Smart Computing, Decision-Making and Applications 

Perspective 

156 [20] 
Accounting and auditing with blockchain technology and 

artificial Intelligence: A literature review 

154 [21] 
Setting B2B digital marketing in artificial intelligence-based 

CRMs: A review and directions for future research 

153 [22] 
Artificial-Intelligence-Driven Customized Manufacturing 

Factory: Key Technologies, Applications, and Challenges 

145 [23] 
Sensors and healthcare 5.0: transformative shift in virtual care 

through emerging digital health technologies 

126 [24] Data integration flows for Business Intelligence 

Source: Output Publish or Perish, 2024 

c. Keyword Co-Occurrence Network  

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 1. Network Visualization 

Source: Data Analysis, 2024

The visualization represents 

a network of keywords related to 

data-driven decision-making 

(DDDM) and Business Intelligence 

(BI), grouped into distinct clusters 

based on co-occurrence relationships. 
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The centrality of keywords like 

"organization," "operation," and 

"business intelligence" in the blue 

cluster indicates that these are core 

themes in the field. This cluster 

highlights the integration of BI in 

organizational operations and its role 

in improving efficiency and decision-

making. The green cluster 

emphasizes concepts such as 

"DDDM," "capability," "policy," and 

"efficacy," which point to the strategic 

and policy-level implications of 

adopting data-driven approaches. 

The strong connections between 

"DDDM" and terms like "policy" and 

"accountability" suggest that research 

in this area often addresses 

governance and the effectiveness of 

data usage in organizational decision-

making. The red cluster, which 

features terms like "big data," "risk," 

"community," and "data science," 

reflects the increasing role of 

advanced technologies in addressing 

uncertainties and managing risks in 

organizations. This cluster 

underscores the importance of 

integrating data science and big data 

analytics into DDDM to improve risk 

management and foster innovation 

within business communities. The 

yellow cluster, with keywords such as 

"data analytics," "innovation," 

"sustainability," and "productivity," 

focuses on the application of BI and 

DDDM in driving innovation and 

sustainable business practices. The 

connections between "sustainability" 

and "data analytics" suggest a 

growing trend in leveraging data to 

achieve environmental and 

productivity goals. Furthermore, 

terms like "supply chain network" 

and "digitalization" in the blue cluster 

highlight specific industrial 

applications of DDDM, particularly 

in optimizing supply chains and 

adopting digital transformation 

initiatives. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 2. Overlay Visualization 

Source: Data Analysis, 2024

This visualization 

incorporates a temporal layer to the 

keyword network, illustrating the 

progression of research focus over 

time within the field of data-driven 

decision-making (DDDM) and 

Business Intelligence (BI). Keywords 

associated with older research (2019–

2020) appear in darker blue hues, 

such as "big data," "data science," and 
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"organization." This indicates that 

these foundational themes have 

historically dominated the field. In 

contrast, keywords in lighter green 

and yellow tones, such as 

"sustainability," "innovation," and 

"efficiency," reflect more recent areas 

of interest, suggesting a shift toward 

practical applications of BI for 

sustainability and operational 

optimization in 2021–2022. 

The emphasis on keywords 

like "sustainability," "efficiency," and 

"innovation" in the yellow cluster 

underscores an emerging trend of 

using BI and DDDM for addressing 

modern challenges, such as 

environmental concerns and business 

optimization. The connection 

between "data analytics" and these 

themes highlights the increasing use 

of analytics tools to support 

innovation and achieve sustainable 

development goals. Similarly, the 

presence of terms like "supply chain 

network" and "digitalization" in more 

recent hues suggests that industries 

have been leveraging DDDM to 

optimize supply chain operations and 

accelerate digital transformation. 

The placement and 

interconnection of keywords like 

"policy," "efficacy," and 

"accountability" in the green cluster 

reveal the growing emphasis on 

governance and strategic decision-

making in recent years. Additionally, 

the network's dense structure around 

core terms like "organization" and 

"operation" highlights their centrality 

to the field, serving as focal points for 

various interconnected research 

themes. The distribution of colors 

across clusters reflects a balance 

between foundational topics and 

newer, application-driven areas, 

indicating that while foundational 

research continues, the field is 

evolving rapidly to address current 

technological and business 

challenges. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 3. Density Visualization 

Source: Data Analysis, 2024

This heatmap visualizes the 

prominence and concentration of 

research keywords within the domain 

of data-driven decision-making 
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(DDDM) and Business Intelligence 

(BI). Keywords with higher density, 

such as "organization," "operation," 

and "DDDM," are highlighted in 

brighter yellow, indicating their 

centrality and frequent co-occurrence 

in the analyzed literature. These 

terms reflect the primary focus areas 

in the field, emphasizing the 

integration of DDDM into 

organizational processes, operational 

efficiency, and strategic decision-

making. The surrounding terms like 

"efficiency," "business intelligence," 

and "capability" suggest a strong 

interconnectedness between core 

organizational functions and the 

application of BI tools and data-

driven strategies. The heatmap also 

reveals secondary but emerging focus 

areas, including "sustainability," 

"data analytics," and "policy," which 

are represented in lighter yellow or 

green hues. These terms highlight 

growing interests in leveraging BI 

and DDDM for sustainable 

innovation, policy development, and 

risk management. Additionally, the 

spatial clustering of terms such as "big 

data," "community," and 

"uncertainty" reflects the ongoing 

exploration of advanced data science 

methods to address complex 

challenges in dynamic business 

environments. 

d. Co-Authorship Network 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Figure 4. Author Collaboration 

Source: Data Analysis, 2024

This visualization represents 

the co-authorship network among 

researchers in the field of data-driven 

decision-making (DDDM) and 

Business Intelligence (BI). The nodes 

represent individual authors, while 

the connections between nodes 

indicate co-authorship relationships. 

The clustering of nodes into distinct 

groups, represented by different 

colors, highlights collaborative 

networks within the research 

community. Prominent nodes like 

"Ojha V.K.," "Goyal S.," and 

"Brynjolfsson E." suggest these 

authors are central figures with 

significant influence and active 

participation in collaborative 

research. The relatively dense 

connections within some clusters 

indicate strong collaboration within 

specific research groups, while 

sparser connections between clusters 

suggest less interaction between these 

groups. 
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Figure 5. Country Collaboration 

Source: Data Analysis, 2024

This visualization illustrates 

the international collaboration 

network in research related to data-

driven decision-making (DDDM) and 

Business Intelligence (BI). The nodes 

represent countries, with larger nodes 

indicating higher research output, 

and the lines between nodes showing 

collaborative links between countries. 

The United States stands out as the 

most influential and central hub, with 

strong connections to other key 

contributors such as India, China, 

Italy, and Germany. This reflects the 

United States' leading role in global 

research collaboration in this domain. 

India and China are also prominent 

players, indicating their growing 

contributions to DDDM and BI 

research, particularly in collaboration 

with the United States and European 

countries. European countries like 

Italy, France, and Sweden exhibit 

regional collaboration, while 

countries such as Australia, Canada, 

and South Africa show a mix of intra-

continental and transcontinental 

partnerships. 

4.2 Discussion 

a. Key Insights from Bibliometric 

Analysis 

The bibliometric analysis of 

research on data-driven decision-

making (DDDM) in Business 

Intelligence (BI) has revealed 

significant trends, influential works, 

and collaboration patterns that shape 

the field. The evolution of research 

themes highlights the growing 

integration of advanced analytics, 

artificial intelligence, and big data 

into decision-making processes. The 

central role of terms such as 

“organization,” “operation,” and 

“DDDM” in the visualizations 

underscores their importance in the 

field. These terms are pivotal in 

studies examining how BI tools 

optimize organizational performance 

and operational efficiency. 

Furthermore, emerging topics such as 

sustainability, policy, and 

accountability reflect the expanding 

scope of BI, which now encompasses 

broader social and environmental 

considerations. 

b. Thematic Developments and Shifts 

One notable observation is 

the shift in focus from foundational 

concepts, such as data analytics and 

big data, toward application-driven 

themes like sustainability and digital 

transformation. This aligns with 

global business priorities that 

emphasize sustainable practices and 

operational resilience in an 

increasingly volatile environment. 

For example, the keyword 
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“sustainability,” which appears 

prominently in recent studies, 

indicates a growing recognition of 

BI’s role in addressing environmental 

challenges. BI systems now assist 

organizations in tracking carbon 

footprints, optimizing resource use, 

and ensuring compliance with 

sustainability regulations. This shift 

reflects how research has evolved to 

address modern-day challenges 

while retaining its foundational focus 

on operational and organizational 

effectiveness. 

Additionally, the inclusion of 

keywords like “policy” and 

“accountability” suggests a deeper 

exploration of the governance aspects 

of DDDM. Researchers have started 

investigating how organizations can 

leverage data-driven practices to 

improve transparency, enhance 

decision-making accountability, and 

align operations with ethical 

standards. This shift is particularly 

important in industries subject to 

stringent regulatory requirements, 

such as healthcare, finance, and 

manufacturing. 

c. Collaborative Networks and 

Influential Research Hubs 

The analysis of co-authorship 

networks highlights a highly 

collaborative research environment, 

with strong interconnections among 

key contributors. The United States 

emerged as the most influential hub, 

playing a pivotal role in global 

research collaborations. Countries 

like India, China, and European 

nations, including Italy and 

Germany, also play substantial roles 

in advancing the field. These 

collaborations often involve 

interdisciplinary approaches, 

merging insights from computer 

science, management, and social 

sciences to address complex decision-

making challenges.  

Authors like Brynjolfsson, 

Hitt, and others have had a significant 

impact on the field, particularly in 

bridging the gap between theoretical 

frameworks and practical 

applications. Their work on big data 

and the economic impact of analytics 

has provided valuable foundations 

for subsequent studies. The 

visualization of collaborative 

networks underscores the importance 

of multinational and 

multidisciplinary partnerships in 

driving innovation and addressing 

regional and global challenges. 

d. Challenges in Implementing 

DDDM in BI 

Despite the progress in 

research and application, the field 

faces persistent challenges. Data 

quality and integration remain critical 

barriers. Organizations often struggle 

to consolidate data from diverse 

sources, ensuring consistency and 

reliability for analysis. Poor data 

quality can lead to flawed insights 

and suboptimal decision-making. 

Moreover, the complexity of BI tools 

and the lack of technical expertise 

among users pose significant hurdles 

to widespread adoption, particularly 

in small and medium-sized 

enterprises (SMEs). Another 

challenge is cultural resistance within 

organizations. The transition to a 

data-driven culture requires 

significant changes in mindset and 

practices, which can be difficult to 

implement in traditional 

organizational structures. Resistance 

often arises from a lack of 

understanding of the benefits of BI 

and DDDM, as well as concerns over 

job displacement due to automation. 

The ethical and privacy concerns 

surrounding data usage also present 

significant challenges. As 

organizations increasingly rely on 

personal and sensitive data, ensuring 

compliance with privacy regulations 
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like GDPR becomes critical. 

Researchers and practitioners must 

address these concerns by developing 

robust data governance frameworks 

that prioritize transparency, consent, 

and security. 

4.3 Future Directions and Opportunities 

The findings from this 

bibliometric analysis point to several 

promising areas for future research. 

First, there is a need for more studies 

that explore the integration of 

emerging technologies like artificial 

intelligence (AI), machine learning 

(ML), and blockchain in BI systems. 

These technologies hold the potential 

to enhance the predictive and 

prescriptive capabilities of BI tools, 

enabling organizations to make more 

accurate and proactive decisions. 

Second, research on the application of 

BI in specific industries, such as 

healthcare, agriculture, and 

education, could provide valuable 

insights into industry-specific 

challenges and opportunities. For 

instance, in healthcare, BI can be used 

to optimize patient care, streamline 

hospital operations, and predict 

disease outbreaks. Similarly, in 

agriculture, BI can assist in precision 

farming, supply chain optimization, 

and sustainability tracking. Third, 

more attention should be given to the 

social and cultural dimensions of 

DDDM. Understanding how 

organizational culture, leadership, 

and employee engagement influence 

the adoption and effectiveness of BI 

tools is crucial. Research in this area 

can help organizations develop 

strategies to overcome cultural 

resistance and build a data-driven 

culture. Lastly, the ethical and 

regulatory implications of BI warrant 

deeper exploration. Future studies 

should examine how organizations 

can navigate the ethical dilemmas of 

data usage, such as balancing 

innovation with privacy and security. 

Research on regulatory frameworks 

and best practices can provide 

organizations with guidelines for 

ethical BI implementation. 

4.4 Implications for Practice 

For practitioners, the findings 

of this study highlight the importance 

of adopting a strategic and holistic 

approach to DDDM. Organizations 

should invest in training programs to 

equip employees with the skills 

needed to effectively use BI tools. 

Additionally, fostering a culture that 

values data-driven decision-making 

can enhance adoption and ensure the 

successful implementation of BI 

systems. Organizations must also 

prioritize data quality and 

integration. Implementing robust 

data governance frameworks can 

help address these challenges, 

ensuring that data is accurate, 

consistent, and accessible. Moreover, 

leveraging cloud-based BI solutions 

can provide scalability and flexibility, 

particularly for SMEs with limited 

resources. Finally, practitioners 

should consider the ethical and social 

implications of their BI initiatives. 

Ensuring transparency, obtaining 

informed consent, and safeguarding 

data privacy are essential for 

maintaining trust and compliance 

with regulations. By addressing these 

concerns, organizations can enhance 

the credibility and acceptance of their 

BI efforts. 

4.5 Limitations of the Study 

While this bibliometric 

analysis provides valuable insights, it 

is not without limitations. The study 

primarily relied on data from specific 

academic databases, which may 

exclude relevant studies published in 

non-indexed journals or industry 

reports. Additionally, the analysis 

focused on co-authorship and 

keyword co-occurrence, which may 

not capture the full breadth of 

interdisciplinary research or 
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emerging trends. Moreover, the 

findings are based on the analysis of 

published literature up to 2024, and 

the field is likely to evolve rapidly. 

Future studies could address these 

limitations by incorporating a 

broader range of data sources, 

exploring alternative methodologies, 

and conducting longitudinal analyses 

to capture ongoing developments. 

5. CONCLUSION 

 This bibliometric analysis of data-

driven decision-making (DDDM) in Business 

Intelligence (BI) highlights the field's dynamic 

evolution, growing relevance, and 

interdisciplinary nature. The findings reveal 

that research has transitioned from 

foundational topics, such as big data and 

analytics, to application-driven themes like 

sustainability, policy, and operational 

efficiency. Collaborative networks, with the 

United States as the central hub, emphasize 

the importance of global partnerships in 

advancing the field. Despite significant 

progress, challenges such as data quality, 

integration, cultural resistance, and ethical 

concerns remain critical barriers to effective BI 

implementation. Future research should focus 

on integrating emerging technologies, 

exploring industry-specific applications, and 

addressing ethical and regulatory 

implications to enhance the effectiveness and 

acceptance of BI. These insights provide a 

comprehensive understanding of the current 

state and future opportunities of DDDM in BI, 

offering valuable guidance for researchers 

and practitioners striving to optimize 

decision-making processes in organizations. 
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